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ABSTRACT RESEARCH QUESTION FINAL CLUSTERS

This study focuses on developing methodologies to Individual Sequence Plots
minimize the effects of incomplete data. Specifically, it Cluster 1 Cluster 2
hopes to reduced the noise and bias caused in categorical
sequence data by data gaps. Some strategies investigated
include choosing a substitution “cost” to replace missing

values and deleting the missing values at the end of a
sequence. Cluster validity metrics are used to determine RE SULTS
the accuracy of the unsupervised clustering algorithms
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What effect does the treatment of missing values 1n categorical sequence
data have on cluster analysis results?
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understand the correlation between a person’s state in life
and their travel.
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Bt et T Each of the clusters above represents W Not in that state

A S e 2 a type of person 1n our data set In that state
oae Cluster 1 and 3 are made up of less people so those

respondents followed a pattern atypical of the

general survey pool

Data acquired from the WholeTraveler survey ity PO

Consists of demographic and travel information from
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Recently released data detailing travel tendencies was
wrought with large groups of missing values, typically
found 1n longitudinal data. This project was intended to
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Varying Number of Clusters
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Cluster Validity Metrics

‘ MI

Is full of missing values, as

2

I

|“
\

1 72 167 273 379 485 591 697

values from the end of the sequences and normalizing
the distance measure produced the best results. This
procedure generated more interpretable results, with
less parameter tuning and less error. Proceeding with
the results acquired during this step, it was possible to
create clusters and sequences plots which will be
evaluated 1n future studies.
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These tests indicate that there are 4 natural clusters
in this data as there are peaks in the cluster validity
measures at 4 clusters 2 4 6 8 10
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Varying Ending Age
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